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Abstract
Modeling spatial interaction among contiguous host countries receiving foreign di-
rect investment from the same source country is usually conceived as reection of
market seeking behaviors or cost saving strategies of rms executing location arbi-
trage. This paper approaches the contiguity in aggregate data from the same source
country as an incentive driven process where stocks attract new ows in the neigh-
borhood of the stock location. We examine the inuence of geographic neighbors on
new ows of FDI from the United States in 3 dierent clusters in the world. The
results show that host country's neighbors matter to new ows of FDI, however, they
also indicate that, across clusters, cross countries spillovers are associated with non-
manufacturing FDI (investments in services) but not with manufacturing FDI.
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11 Introduction
Current FDI literature contends that direct investment location decisions are based on
market seeking behaviors or on cost dierential and cheap labor motives. These are all
characteristics of the host country that are appealing to FDI. However, several studies in
economic geography and economic growth reveal that the eects of various agglomeration
externalities and spillovers are crucial in explaining FDI location. This literature parallels
the more popular contagion literature, emphasizing proximity among rms as essential in
the transmission of externalities between foreign and local rms. One of the most salient
results from this literature is that technology and wage spillovers are contingent upon the
ability of local economy to absorb the eects of the presence of a foreign rm wether trough
backward and forward linkages or trough competition with the foreign rm. However, it
is worth noting that these contributions all show empirically that FDI tend to cluster
in certain regions, and new ows of investments are likely to be closer old ones . They
however all refrain from extending explained externalities across country borders. This
paper empirically explores the possibility of cross country spillovers as reason for clustering
in space of US FDI to a few neighboring of countries in the world.
The remainder of this article is organized as follows,After a brief literature review in
section 2. We discuss our methodology in section 3. An empirical estimation tests the
importance of neighbors' stock investments for inows of foreign direct investment in
Section 5. Finally, Section 6 concludes the paper.
2 Literature Review
The contagion or spillovers literature, which has experienced a substantial interest thanks
to nancial crisis of the 1990's that magnied the diusion eects of nancial shocks
across markets and class of assets . The depth of the phenomenon made nancial crisis
particularly damaging for many economies as the ripples of the tequila crisis reached other
2countries of latin america, the Asian u and the Russian debt crisis appeared to be con-
tagious to countries geographically distant. Increased interconnection between countries
and low communication costs has made nancial contagion particularly common.a good
starting point to understanding contagion, is the evaluation of mechanisms trough which
economic phenomenon aect a group of units in a simulataneous or sequential manner.
Contagion is the spreading out of economic phenomena across markets, class of assets
and countries. It is characterized by co movement in prices of nancial assets. Contagion
diers from spillovers essentially by its swift propagation. Spillovers are usually conceive
as time taking construction aecting clustered units, in a sequential fashion.
The idea of proximity or geographical clustering has three majors interpretation in the FDI
theory: The rst interpretation builds on the work of Marshall (1960) and Caves (1974),
emphasizing clustering or agglomeration as a way for economic units to gain positive
externalities from the presence of other rms. These contributions suggest that agglom-
eration eects attract new investments ((?)). Second, FDI spillovers to local economy are
contingent upon preparation of local rms in tools, procedures, size, human capital and
infrastructures. The conventional analysis, outlined by Blomstrm and Kokko (2003), for
instance, suggests that technology and managerial skill spillovers can be realized when
local rms invest in new tools and new procedures. It concludes that FDI incentives moti-
vated by expectations of spillovers to local rms should be accompanied by nancial and
technical preparation of local rms. Third, there is at least theoretically a possibility of
technology souring Love (2003) for example suggested that new rms might be souring
technology, whereupon rms locate close to leading research centers in areas where the
source country is relatively less skilled, because there they can absorb learning spillovers.
However, although there is evidence of competitive incentive to attract FDI on the basis
positive spillovers, empirical investigation of spillover sourcing produced mixed results.
Drield and Munday (2000) did not nd evidence of such behavior in a panel of FDI in
the United Kingdom (UK) manufacturing industry. They concluded that prot seeking
motivates location, even when close to older rms. (Branstetter, 2001);Branstetter (2006)
3suggested that technology sourcing motivated the increase in Japanese investments in the
US in the second half of 1980. Attempts to study interdependence of foreign direct invest-
ments ows or stock across neighboring countries have been limited to the role that eco-
nomic integration plays in the increase in FDI received by member countries (Neary, 2002;
Balasubramanyam, Sapsford, and Griths, 2002; Girma, 2002). However, economics and
statistics motives suggest that the actual treatment of interdependence between outows
or between stocks in analyzing FDI is incomplete. From an economic standpoint, even in
the absence of integration among countries, three motives may create cross-country inter-
dependence of stock and ows of FDI. First, the ability of countries to attract FDI can be
related to their geographic location, because natural resources endowments, geophysical
shocks, and epidemics cause correlation of outows to geographic neighbors (Weinhold,
2002; Krugman, 1991). Second, the presence of MNC creates externalities that cannot be
fully internalized. Competitive pressures force local rms to survive by adapting to more
ecient methods. For example, local rms can either replicate a MNC knowledge and
technology without additional cost, or can face sti competition that forces them to nd
ways to survive. At any rate, the reason why spillovers should be limited by countries ge-
ographical barriers is unclear unless we assume existence of protectionist measures similar
to those existing in the 18th century Europe. Third, on the one hand, the prot-seeking
motive for FDI suggests that high GDP has a positive inuence on attracting new ows
of FDI, on the other hand, economic growth literature argues that GDP growth rates are
correlated across countries (Conley and Ligon, 2002; Weinhold, 2002). Putting these ideas
together, we have the stage set for the type of analysis conducted in the contagion litera-
ture. Growth rate correlation unexplained by similar macroeconomic shocks in aggregate
trade and investments opens the gate for the idea of transmission of shocks between host
countries. For instance, correlation of FDI ows may arise because information contained
in US investment stock in a country inuences new investment ows to its neighbors.
From a statistical standpoint, if there is dependence between ows or between stocks of
FDI across neighboring countries, spillovers may be present and may lead to bias in an
analysis based only on a host country's characteristics. This paper diers from existing
literature in two ways. First, spillovers across countries are introduced as a determinant
of foreign direct investment. The paper explicitly departs from the traditional capital ow
4perspective that justies ows by prots and factor costs considerations within the host
country. To the best of my knowledge, there is no clear attempt to systematically follow
this route, probably because of the shift that have been operated into analyzing rm level
data. Much recent interest has gone to understanding technology diusion, which is only
one channel of FDI spillovers. Wheeler and Mody (1992) are the closest reference to show
that the presence of many rms in a country matters signicantly in the attraction of
new rms in aggregate data, other close research study the impact of economic integration
which supposes economic arrangement. This study systematically checks the importance
of a neighboring country. Existing work do not systematically consider the inuence of
the presence of rms in neighboring countries. A signicant inuence of neighbors stocks
in this study will suggest not only that there may be a bias in previous research, but
also that countries can view their geographical proximity to leading investment centers as
a clear characteristic of an alternative investment location (complementary or substitute
location). Second, the analysis uses panel data, which is also a dierent from other studies
that relies mostly on time series analysis. The use the of panel data technique allows
us to work around endogeneity problems that are frequent in cross section analysis. The
regression based approach followed here make it possible to capture the magnitude of the
importance of the spatial variable (neighbor's variable) as a determinant of FDI. Finally,
using manufacturing FDI and non-manufacturing FDI as alternate dependent variables
help improve our understanding of spillovers. The results show that, controlling for coun-
try size, past investment relationship and factor costs, spillovers in non manufacturing
industry, motivated by high concentration of past investments exist in Europe for the US
FDI data. Clearly, not only does neighbor matters to FDI ows, but also would aect
inows to a third country.
3 Modelling Spatial Eect in FDI
In this section we describe the methodology. We model spatial interaction visible in gure 1
as a linear spatial stochastic process. Consistent with current analysis (Anselin and Bera,
51998; Anselin, 1988; Anselin, Florax, and Rey, 2004), clusters behavior are modeled using
an exogenous weight matrix that species the spatial topology. We rst dene spatial
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The problem is how to specify the weight matrix. A binomial specication would give for
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we estimate a spatial model of the type
FDI = W + X
The border eect matrix W of the nn matrix of neighbor status time n1 vector of stock
of FDI This modeling methodology follows Baltagi, Egger, and Pfaermayr (2007) and
Blonigen, Davies, Waddell, and Naughton (2007) Whereas a distance decay specication
normalizes elements of the weight matrix to be inverse function of distance to the host
location. Thus, the border vector enters the FDI equation.
6There may still be a question about the existence of spatial dependence amont the FDI
host countries:
Linear spatial stochastic modeling oers two distinctive directions for checking spatial
dependence. First a spatial autoregressive error model and second a spatial lag model. The
spatial lag model is appropriate here because it ts better the economic interpretation that
can be given to the substantive spatial interaction observed in the data set and represented
in gure 1. We posit that interaction among neighboring countries or agglomeration eects
can be captured by the extend to which prior existence in a neighboring country, determines
investments in the host country. The spatial errors models on the other hand captures
nuisance resulting from the omission of spatial behavioral features in the actual units
studied (Anselin and Bera, 1998).
A spatial autoregressive error model is written as ( "from spatial eects and non linearity
in spatial regression models")
y = X + (I   W) 1
rearranging the equation above shows that the spatial error model is equivalent to an
extended spatial lag model comprising both a spatially lagged dependent variable and
spatially lagged exogenous variables
y = Wy + X + W  X + 
where  X is the original design matrix where the constant term has been removed. The
formal equivalence holds only if (k   1) non linear constraints are satised, specically
 =   "this is known as the spatial durbin or the common factor model" (Anselin
2000)
7A spatial process model such as the spatial autoregressive moving average model (SARMA)
is quite general. Its specication is given by
(I   W)y = X + (I   V )
where  and  are scalar spatial parameters. W and V are exogenously determined weight
matrices
To test for spatial autocorrelation, there are diuse tests and focused tests. Diuse tests
check whether residual are spatially autocorelated. The Moran statistics calculated for this
dataset at -.0258212077 which is small enough to fail to show negative spatial dispersion







u is the vector of OLS residuals S0 is the sum of the elements of the weight matrix This
test assumes asymptotic normality and linearity of the data generating process.
Because, the modeling approach in the paper attempts to capture the source and mag-
nitude of spatial as coecient of a parameter to be estimated. The signicance of the
Coecient is the best indicator of the existence of spatial autocorrelation.
4 Data and Estimation
The equatiion to be estimated can be rewritten as
FDIit = 0 + 1Dit + 2DISTit + 3C2Fit + 4wit + 5RERit +
6DUMit + 7PRit + Fit 1 + '  + "t
8FDIit, the annual ow of FDI from the US to country at year is used here as endogenous
variable. It represents funds that US parent companies provide to their foreign ali-
ates. Provision of funds to foreign aliate takes 3 forms: equity capital, inter-company
debt, and reinvested earnings . Data were obtained from the BEA website. Publicly
available BEA data excludes countries where less that 500 000 is invested and avoids dis-
closure of individual rm data . The denition of FDI in this paper is consistent with
The IMF's denition of FDI ows as described in the IMF Balance of Payment Manual
(1993, p.41, item 177). Various studies in the macro-view perspective of FDI analysis
look at aggregate ows and rely on similar denitions (Love, 2003; Barrell and Pain, 1996;
Bajo-Rubio and Sosvilla-Rivero, 1994). FDI is further constructed into FDI ows to the
manufacturing sector (FDIMA) and FDI in the non-manufacturing sector (FDINMA).
FDIMA and FDINMA are used as alternate endogenous variables. Explicative variables
consist of 8 variables obtained from various sources. First,Dit is the size of country at
year . It represents the market size in the host country. Dit is alternatively proxied by
population and by GDP , which data is obtained from the IMF. Second, DISTit is the
distance between Washington, DC and the capital city of country (the host country).
Distance data are obtained from www.indo.com, where calculations are done using the
"geod" program available form the US Geological Survey. DISTit represents information
cost. Thus, the more distance between two countries, the more information asymmetry
between them. DISTit is also used to identify geographical neighbors in the sample .
Third,C2F is the ratio of host country to US cost of capital at year . Data for COSTK are




)  (r + 0:10   1) (1)
where Kd is the gross xed capital formation deator, GDPd is the gross domestic product
deator, and r the medium run nominal interest rate. Data on Kd, GDPd and r are
obtained from the IMF. Depreciation rate by assumption is 0 and 1 is the rate of change
in Kd one year ahead. Fourth, COSTLit is the relative cost of labor in the host country.
COSTL is dened as the ratio of host country wages to US wages in dollar per hour, as
9published in the International Labor Oce yearbook. Sixth, CHERit is one period change
in the real exchange rate between the country i currency and the US dollar at year t. The





where En is the host country's nominal exchange rate in dollars, Pd is host country's price
deator, USPPI is US producer price index. All necessary data are obtained from the






is the neighbors inuence variable. Where Fij is the stock of investment in all the j's
countries in a 1000 miles radius from a country i.
The annual data used in this study span the period 1982 to 2000. Summary statistics for
the data are provided in
The baseline equation contains only host country characteristics in the spirit of traditional
analysis of FDI determinants. Long-term investment relationships (historical stock) and
inuence of neighbors are progressively added. The neighbor's inuence term seeks to cap-
ture the geographic diusion of ows and stock of FDI over time. The neighbor term sim-
ulates the spillover variable because it tests the extent to which important stock of invest-
ments in neighboring countries aects ows to the host country . A neighbor is dened as
a country within a geographical distance of 1000 miles from the host country. To check the
sensitivity of the conclusion to the denition of neighbor, a robustness check was conducted
for distances from 500 miles to 3000 miles. In terms of estimation technique, most studies
of the relationship between FDI and its determinants are done using time series analy-
sis (Barrell and Pain, 1996; Bajo-Rubio and Sosvilla-Rivero, 1994). Although some recent
contributions use panel data (Wheeler and Mody, 1992; Braunerhjelm and Svensson, 1996;
10Filippaios, Papanastassiou, and Pearce, 2003; Love, 2003), dynamic panel data are rare.
The data allows the development of a model with one cross section dimension , one time
dimension , and one spatial term. We applied the panel data estimation technique to the
following model:
Iit = Xit + FDIt 1 + '  + "t (4)
where "it = i + it
Stocks of investments are dened as cumulative ows and can be written as
FDIt 1 = It 1 + FDIt 2 (5)
Using (5), we can rewrite (4) as follows:
Iit = 1It 1 + Xit + 2Ft 2 + '
X
i6=i
wFjt 1 + "t (6)
where FDIt 1 = 1It 1 + 2Ft 2
After inclusion of the spatial term, there is a problem with ordinary least squares because
observations are not independent and identically distributed. This procedure also assume
that the distribution may still be normal. Second, there may still be correlation of the
independent border vector with the error term, and third, the choice of the distance at
which contagion occurs is arbitrary. The spatial lag model usually has an endogeneity issue.
The litterature suggest many ways of dealing with this type of problem. The instrumental
variable or the general method of moments or the maximum likelihood estimation (Anselin
1988) Clearly OLS are biased and inconsistent in the spatial lag model irrespective of the
properties of the error term. We will use the general method of moments because it is
standard for solving dynamic panel data estimation issues.
115 Results and implications
The presence of the lagged dependent variable as an explanatory variable makes the static
model innapropriate, moreover because of the lack of randomness in the distribution of
countries, ordinary least squares estimation (pooled model) is clearly not valid. We use
here a GMM which incorporates an instrumental variable procedure by using the lag of
the variables as instrument for the variable. Table 1 presents the summary statistics. A
fully collected variable present about 1026 observations on 53 countries regrouped into
3 major clusters (Europe, Asia and Latin America). The correlation table shows that
the neighbor coecient our target explanatory variable, is signicantly correlated with
many other variables, but to reduce the possibility of spurious correlation we check the
consistency of correlation results in a panel data regression.
[Insert Table 2 Full Sample Empirical results about here]
Table 2 shows the regression results. All variables are instrumented by the lag level of
the regressors, following the Arellano and Bond dynamic panel data estimation procedure.
The coecient of the spatial term reects shocks (accumulated over time) to neighboring
countries that help attract FDI in the host country. Because the spatial variable is a stock
of ows accumulated over time, it is fair to suggest that it carries the idea of spillovers
that naturally take time to integrate into the host country's economy. Moreover, it can be
logically considered to be the extent to which investing in the host country is an alternative
to investing in neighboring countries. Two main conclusions can be derived from the
regressions below. First, the coecient of the spatial term is positive and signicant. Thus,
controlling for host country's characteristics, shocks to neighboring countries positively
aect FDI to the host country. Second, after the introduction of the variable representing
neighbor's inuence, the country SIZE coecient becomes negative and non-signicant.
This means that the host country size less is important when the country is integrated
with its neighbors. This result is consistent with prior studies that show that the size of
the regional market is more relevant than the size of the host country market to investment
in Europe.
12[Insert Table 3. Full Sample Arellano and Bond Fixed Eect Regression of FDI about
here]
When restricting the analysis to ows of FDI in the non-manufacturing sector, as shown
on Table 3, the two conclusions in the regressions above still hold. Stock of investment
in geographically neighboring countries has a positive impact on the host country's new
ows of FDI. This relationship is (exactly as above) valid when the distance between
the host country and the neighbor is at most 1000 miles. The country SIZE coecient
is positive and non-signicant when controlling only for home country characteristics and
when including neighbor's inuence. Furthermore, the country SIZE coecient is negative
and signicant when an additional control variable is introduced to capture the fact the
country has received investments in the past.
[Insert Table 4. Full Sample Arrellano and Bond Fixed Eect Regression of FDI non-
manufacturing about here]
Table 4 shows results of three regressions where the dependent variable is restricted to
ows of foreign investment directed to the manufacturing sector. The main result is that
the two conclusions above no longer hold true. Geographical neighbors do not have a
statistically signicant impact on new ows of investments in the host country, and unlike
in the case of non-manufacturing investments, the country SIZE coecient is positive and
signicant. This suggests that manufacturing investments may be less likely to diuse to
neighboring countries.
[Insert Table 5. Full sample Arrellano and Bond xed eect regression of FDI manufac-
turing about here]
Thus, when spillover is dened as a process by which a neighboring country stock of
investments inuences new ows of investments to the host country, US FDI decisions in
general seem to be inuenced by prior knowledge of the neighboring country. However, this
behavior only occurs when ows are directed to the non-manufacturing sector. Performing
regressions on specic regions gives similar results (available from the author upon request).
136 Conclusion
The eects of neighboring countries on new ows of FDI to a host country can be modeled
using geographical spillovers stemming from monitoring resources outside the host country.
Estimating an FDI equation with lag stock of Neighbors FDI shows that, US FDI depends
globally upon the amount of information collected over time about the neighborhood of
the investment location. However, this conclusion does not hold true when investments to
only the manufacturing sector are considered. It seems that geographical spillover from
information costs foster investments to neighboring countries in non-manufacturing sector
only. This may be due to the fact that manufacturing investments are heavy and generally
used as a regional supply platform. Further analysis may however be needed to understand
the full scope of the behavior of traditional FDI determinants in this model. This study
shows that although US FDI is globally dependent upon the amount of information col-
lected over time on the neighborhood of the investment location, there is a heterogeneous
response to the importance of neighbors depending on the location of the investment and
the aectation of the FDI as manufacturing or non-manufacturing. This result appear to
be robust to a denition of neighbor over a range of distance going from 750 to 3000 miles
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FDIMAN 0.586 0.329 1.000
(0.000) (0.000)
GDP 0.199 0.180 0.149 1.000
(0.000) (0.001) (0.008)
DIST -0.213 -0.148 -0.282 -0.009 1.000
(0.000) (0.008) (0.000) (0.871)
COSTK -0.056 -0.042 -0.066 -0.048 -0.019 1.000
(0.323) (0.459) (0.243) (0.400) (0.736)
COSTL -0.009 -0.012 0.005 -0.026 -0.055 0.897 1.000
(0.880) (0.834) (0.925) (0.651) (0.327) (0.000)
CHRER 0.028 0.021 0.033 0.027 0.036 -0.907 -0.982 1.000
(0.617) (0.705) (0.563) (0.635) (0.523) (0.000) (0.000)
rmprot 0.407 0.368 0.300 0.150 -0.122 -0.136 -0.044 0.079 1.000
(0.000) (0.000) (0.000) (0.008) (0.031) (0.015) (0.435) (0.162)
BODRINV 0.394 0.395 0.180 0.127 -0.267 -0.069 -0.049 0.037 0.307 1.000
(0.000) (0.000) (0.001) (0.024) (0.000) (0.219) (0.383) (0.511) (0.000)
relativcosk 0.013 0.015 0.000 0.012 0.136 0.231 0.170 -0.185 -0.094 0.002 1.000
(0.819) (0.791) (0.997) (0.838) (0.015) (0.000) (0.003) (0.001) (0.097) (0.970)
relativwag -0.016 -0.016 -0.006 -0.028 -0.050 0.901 0.998 -0.982 -0.059 -0.048 0.172 1.000
(0.784) (0.779) (0.912) (0.626) (0.381) (0.000) (0.000) (0.000) (0.300) (0.391) (0.002)
relativesize 0.295 0.243 0.285 0.441 -0.137 -0.039 -0.025 0.020 0.188 0.588 0.025 -0.025 1.000
(0.000) (0.000) (0.000) (0.000) (0.015) (0.491) (0.653) (0.729) (0.001) (0.000) (0.658) (0.656)
relativesize2 0.337 0.285 0.304 0.410 -0.164 -0.045 -0.034 0.025 0.185 0.612 0.021 -0.033 0.961 1.000
(0.000) (0.000) (0.000) (0.000) (0.003) (0.425) (0.553) (0.652) (0.001) (0.000) (0.714) (0.559) (0.000)
1
8Table 2: Full sample FDI Regression
(1) (2) (3)
VARIABLES Base case Augmented 1 Augmented 2




D.dist 0.00 0.00 0.00
(0.00) (0.00) (0.00)
D.relativcosk -0.06 -0.07 -0.06
(0.95) (0.96) (0.95)
D.relativwag -10.19 -9.63 -9.80
(10.82) (10.83) (10.81)
D.chrer 944.92 895.86 923.14
(897.39) (898.51) (896.44)
D.rmprot 6.77 6.92 6.94
(5.06) (5.08) (5.07)






Constant 107.65 80.50 76.14
(83.40) (80.88) (78.48)
Observations 225 225 225
Number of id 31 31 31
ARtest 2 2 2
Sargan 203.2 203.3 204.1
Standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1
19Table 3:Asia and Pacic FDI Regression
(1) (2) (3)
VARIABLES Base case Augmented 1 Augmented 2




D.dist 0.00 0.00 0.00
(0.00) (0.00) (0.00)
D.relativcosk -2.67*** -2.09*** -2.09***
(0.71) (0.72) (0.69)
D.relativwag 3,772.31*** 3,813.86*** 3,821.47***
(1,442.48) (819.00) (769.25)
D.chrer -3,525.95** -3,599.41** -3,598.35**
(1,611.27) (1,564.10) (1,551.61)
D.rmprot 6.37 5.22 5.21
(4.12) (4.12) (4.06)






Constant 3.40 15.20 14.73
(42.62) (44.93) (41.55)
Observations 73 73 73
Number of id 9 9 9
ARtest 2 2 2
Sargan 78.05 76.02 77.21
Standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1
20Table 4: Latin America FDI Regression
(1) (2) (3)
VARIABLES Base case Augmented 1 Augmented 2




D.dist 0.00 0.00 0.00
(0.00) (0.00) (0.00)
D.relativcosk 0.29 0.35 0.35
(0.53) (0.60) (0.59)
D.relativwag -4.97 -5.37 -5.27
(4.78) (5.91) (4.91)
D.chrer 123.21 121.72 122.11
(367.39) (370.34) (365.25)
D.rmprot -4.29 -4.32 -4.27
(3.05) (3.45) (3.04)






Constant 238.39* 245.67* 246.95*
(129.59) (140.53) (132.70)
Observations 46 46 46
Number of id 9 9 9
ARtest 2 2 2
Sargan 35.68 34.74 35.68
Standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1
21Table 5: Western Europe FDI Regression
(1) (2) (3)
VARIABLES Base case Augmented 1 Augmented 2




D.dist 0.00 0.00 0.00
(0.00) (0.00) (0.00)
D.relativcosk -90.19* -96.31* -93.35*
(51.40) (50.59) (50.38)
D.relativwag -721.34 -538.12 -701.47
(921.66) (922.15) (859.25)
D.chrer 13,888.61*** 13,876.52*** 13,714.80***
(3,834.05) (3,827.37) (3,821.42)
D.rmprot 28.15** 27.95** 28.69**
(13.77) (13.55) (13.67)






Constant -886.50*** -889.32*** -840.61***
(303.19) (296.40) (269.96)
Observations 87 87 87
Number of id 11 11 11
ARtest 2 2 2
Sargan 76.40 76.39 76.81
Standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1
22Table 6: Full Sample FDINMA Regression
(1) (2) (3)
VARIABLES Base case Augmented 1 Augmented 2




D.dist 0.00 0.00 0.00
(0.00) (0.00) (0.00)
D.relativcosk -0.04 -0.07 -0.07
(0.92) (0.92) (0.92)
D.relativwag -8.53 -8.00 -8.06
(10.94) (10.96) (10.93)
D.chrer 893.67 889.82 899.21
(853.36) (855.54) (852.78)
D.rmprot 7.89 7.81 7.86
(5.16) (5.17) (5.16)






Constant 27.02 24.24 21.82
(82.59) (81.72) (79.10)
Observations 214 214 214
Number of id 30 30 30
ARtest 2 2 2
Sargan 194.2 193.5 194.4
Standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1
23Table 7: Asia and Pacic FDINMA Regression
(1) (2) (3)
VARIABLES Base case Augmented 1 Augmented 2




D.dist 0.00 0.00 0.00
(0.00) (0.00) (0.00)
D.relativcosk -0.91 -0.38 -0.39
(0.56) (0.58) (0.55)
D.relativwag 1,350.14 2,607.38*** 2,598.74***
(1,138.84) (647.52) (610.27)
D.chrer -1,767.53 -2,062.78* -2,064.63*
(1,259.29) (1,246.86) (1,236.23)
D.rmprot 3.59 3.42 3.44
(3.23) (3.29) (3.25)






Constant 9.70 6.04 6.60
(33.61) (36.13) (33.34)
Observations 73 73 73
Number of id 9 9 9
ARtest 2 2 2
Sargan 66.92 66.79 67.87
Standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1
24Table 8: LAtin America FDINMA Regression
(1) (2) (3)
VARIABLES Base case Augmented 1 Augmented 2




D.dist 0.00 0.00 0.00
(0.00) (0.00) (0.00)
D.relativcosk -0.07 0.09 0.08
(0.37) (0.41) (0.41)
D.relativwag -4.92 -4.98 -5.67
(3.39) (4.19) (3.47)
D.chrer 173.50 165.15 164.13
(260.96) (260.67) (256.79)
D.rmprot -2.89 -2.57 -2.91
(2.20) (2.45) (2.16)






Constant 130.54 162.41 152.46
(92.93) (102.01) (95.26)
Observations 45 45 45
Number of id 9 9 9
ARtest 2 2 2
Sargan 35.43 34.55 35.69
Standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1
25Table 9: Western Europe FDINMA Regression
(1) (2) (3)
VARIABLES Base case Augmented 1 Augmented 2




D.dist 0.00 0.00 0.00
(0.00) (0.00) (0.00)
D.relativcosk -89.01 -96.31* -90.20*
(55.13) (54.47) (54.24)
D.relativwag -686.49 -376.08 -634.00
(970.30) (969.15) (932.69)
D.chrer 13,063.56*** 13,462.15*** 13,155.84***
(4,007.55) (4,003.97) (4,001.67)
D.rmprot 26.96* 27.05* 26.66*
(15.60) (15.44) (15.48)






Constant -868.45** -917.98** -848.60**
(421.84) (400.75) (395.08)
Observations 77 77 77
Number of id 10 10 10
ARtest 2 2 2
Sargan 68.12 67.86 68.39
Standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1
26TAble 10: Full sample FDIMA Regression
(1) (2) (3)
VARIABLES Base case Augmented 1 Augmented 2




D.dist 0.00 0.00 0.00
(0.00) (0.00) (0.00)
D.relativcosk -0.10 -0.05 -0.05
(0.34) (0.34) (0.34)
D.relativwag -1.04 -1.35 -1.32
(3.80) (3.78) (3.78)
D.chrer -76.78 -117.00 -108.01
(322.63) (321.55) (321.33)
D.rmprot 0.13 0.75 0.62
(1.82) (1.84) (1.83)






Constant 78.74*** 77.74*** 69.02**
(29.35) (29.39) (28.23)
Observations 229 229 229
Number of id 30 30 30
ARtest 2 2 2
Sargan 218.3 215.9 217.2
Standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1
27Table 11:Asia and Pacic FDIMA Regression
(1) (2) (3)
VARIABLES Base case Augmented 1 Augmented 2




D.dist 0.00 0.00 0.00
(0.00) (0.00) (0.00)
D.relativcosk -1.80*** -1.74*** -1.78***
(0.48) (0.50) (0.47)
D.relativwag 2,424.05*** 1,429.42*** 1,357.46***
(868.07) (540.88) (460.73)
D.chrer -1,834.99* -1,576.88 -1,627.94
(1,085.42) (1,080.21) (1,053.97)
D.rmprot 2.37 1.45 1.76
(2.45) (2.71) (2.42)






Constant -17.44 -7.39 -3.90
(26.46) (29.41) (25.95)
Observations 80 80 80
Number of id 9 9 9
ARtest 2 2 2
Sargan 92.98 93.23 94.75
Standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1
28Table 12: Latin America FDI Regression
(1) (2) (3)
VARIABLES Base case Augmented 1 Augmented 2




D.dist 0.00 0.00 0.00
(0.00) (0.00) (0.00)
D.relativcosk 0.39 0.27 0.29
(0.25) (0.29) (0.28)
D.relativwag -0.07 -0.17 0.41
(2.31) (2.74) (2.36)
D.chrer -48.27 -45.34 -42.55
(174.15) (173.15) (171.54)
D.rmprot -1.26 -1.58 -1.28
(1.45) (1.60) (1.42)






Constant 100.75* 78.45 88.92
(59.95) (65.11) (59.91)
Observations 45 45 45
Number of id 9 9 9
ARtest 2 2 2
Sargan 34.41 33.87 34.66
Standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1
29Table 13: Western Europe FDIMA Regression
(1) (2) (3)
VARIABLES Base case Augmented 1 Augmented 2




D.dist 0.00 0.00 0.00
(0.00) (0.00) (0.00)
D.relativcosk 13.24 16.99 11.58
(15.42) (14.68) (14.46)
D.relativwag 36.99 -189.13 -43.05
(276.16) (255.19) (246.95)
D.chrer 1,218.76 929.06 1,028.88
(1,095.12) (1,036.68) (1,032.39)
D.rmprot 5.61 6.55* 5.88
(4.16) (3.96) (3.94)






Constant -113.66 -96.33 -106.10
(92.17) (87.98) (87.93)
Observations 85 85 85
Number of id 10 10 10
ARtest 2 2 2
Sargan 80.23 76.94 82.14
Standard errors in parentheses






Figure 1: US FDI in the world
31